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Parameters and Decision Variables
n. Number of task types.

A\;. Poisson encounter rate with tasks of type ¢
(encounters/second).

A: Merged Poisson encounter rate with all tasks
(encounters/second).
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Parameters and Decision Variables
¢®. Cost rate for searching (points/second).

<: Average cycle search cost (points/encounter).
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Figure 1: Classical OFT Markov Renewal Process

Parameters and Decision Variables

p;: Probability of processing a task of type .

7;» Average time processing a task of type ¢ (seconds).
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Figure 1: Classical OFT Markov Renewal Process

Parameters and Decision Variables

g:(7;): Average gain from processing a task of type ¢
(points).

c¢;- Average cost rate while processing a task of type ¢

(points/second).
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Random Variables
g: Gross processing gain from £ cycle.
c: Processing cost from k" cycle.

7. Processing time from " cycle.
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Figure 1: Classical OFT Markov Renewal Process

Random Variables
G: Total net gain from & cycle.
C,: Total cost from k" cycle.

T,: Total time from k" cycle.
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